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1. Aerosol Optical Depth
2. Extinction of the light
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1. Total Ozone Mapping Spectrometer

2. Moderate Resolution Imaging Spectroradiometer
3. Aerosol Robotic Network

4. Gap

5. Proxy
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. Data mining

. knowledge Discovery in Databases
. Summarization

. Association rules

. Classification

. Prediction

. Clustering
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1. Surface Air Temperature

2. Precipitation

3. Surface Relative Humidity

4. Wind Speed

5. Waikato Environment for Knowledge Analysis
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. divide-and-conquer

. Inductive Learning Method
. If - then

. Domain Knowledge

. Linear Regression

. Intra-Subset

. Pruning

. Classifier
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1. Linear Model

2. Pearson Correlation Coefficient
3. Mean Absolute Error

4. Root Mean Square Error
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1. Test Instances

2. Cross-Validation
3. Fold

4. Linear Score
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